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Abstract:

Purpose: This paper aims to conceptualise the dual impact of artificial intelligence (Al)
feedback loops on organisational unlearning processes and explore how this algorithmic
ambivalence shapes strategic agility in technology-driven environments.
Design/Methodology/Approach: The paper adopts an integrative conceptual approach,
synthesising literature on artificial intelligence capabilities, organisational unlearning, path
dependence, and dynamic strategic agility to develop a theoretical framework of algorithmic
ambivalence in strategic decision-making.

Findings: The study reveals that Al feedback loops operate as double-edged mechanisms.
On the one hand, they act as corrective triggers that accelerate the detection of deteriorating
routines, foster experimentation, and stimulate organisational unlearning. On the other
hand, they can act as reinforcing mechanisms that induce algorithmic lock-in, strengthen
cognitive inertia, and foster an illusion of algorithmic objectivity that suppresses critical
reflexivity. Organisational unlearning emerges as a vital mediating capability determining
whether Al-driven insights translate into strategic agility or algorithmic rigidity.

Practical implication: The paper provides strategic guidance for managers to mitigate
algorithmic lock-in by fostering a reflexivity-oriented organisational culture, ensuring data
source diversity, avoiding uncritical algorithmic authority, and deliberately deploying Al to
challenge—rather than merely automate and optimise—established operational routines.
Originality/value: This study advances management literature by introducing the concept of
algorithmic ambivalence to the organisational unlearning discourse, shifting the prevailing
narrative from a purely deterministic view of Al efficiency to a nuanced understanding of
how algorithmic feedback loops dynamically enable or constrain strategic agility.
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1. Introduction

Modern organisations operate in conditions of ever-changing environment, marked
by growing volatility, uncertainty and constant pressure to adapt rapidly to changes
driven by advancing world of technology and science (Vrontis et al, 2023).
Progressive digitalisation, the development of advanced analytics, and, finally, the
increasing use of the artificial intelligence are leading to significant transformations
in corporate decision-making processes (Gorka et al., 2025).

Al becomes something more than a only supporting tool for automatisation of
simple tasks (Raisch and Krakowski, 2021). Ultimately, it becomes a component of a
broader management architecture, which influences how data can be interpreted,
situations - assessed, and strategic decisions - made (Gorka et al., 2025; Omidvar et
al., 2023).

In such circumstances, simply acquiring new knowledge is no longer sufficient to
maintain an organisation’s adaptability. Becoming increasingly important is the
ability to recognise if, and which existing assumptions and established practices, and
their underlying operational logics, have lost their relevance and usefulness
(Klammer et al, 2025). It is worth noting that many organisations experience
difficulties not because they are unable to learn, but because they have stuck for too
long with solutions that have provided good results in the past yet, in the
contemporary environment, have become a source of rigidity and a constraint of the
possibility for further development (Omidvar et al., 2023; Klammer et al., 2025).

As the well-known saying says, ‘if you are not moving forward, you are falling
behind’ - a notion that has become particularly pertinent in an era of rapid
technological advancement, especially taking into consideration the business context
(Vrontis et al, 2023). Which means that one of the key challenges of modern
management in not only the ability to acquire new knowledge, but also the
willingness to abandon knowledge than no longer meets the currents demands of the
environment (Klammer ef al., 2025).

While considering this, the concept of organisational unlearning, understood as the
conscious process of rejection of outdated thought patterns, well-established
routines, and methods of operation that no longer meet the nowadays operating
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conditions among organisations, takes particular significance. It is important that the
process should not be understood as a simple replacement of the old knowledge with
new one. But rather as in creation of the cognitive and strategic space needed for
organisations to reassess existing assumptions, as well as respond more effectively to
new challenges (Klammer et al., 2025).

While considering this perspective and the importance of strategic agility, which is
an organisation's ability to quickly recognise the need for change and flexibly adapt
its strategic direction to new conditions, should be emphasised (Vrontis et al., 2023).
However, strategic agility is not only about the speed of response, because it also
includes a willingness to revise previous decisions. It departs from established
priorities, and abandon methods of operation that, despite their previous
effectiveness, no longer reflect the current situation (Vrontis et al., 2023, Klammer
et al., 2025). In this sense, organisational unlearning and strategic agility remain
closely intertwined. As an organisation cannot be truly agile unless it is capable of
departing from its own, previously established patterns (Kluge, 2023; Klammer et
al., 2025).

The previously mentioned processes occur in environments heavily saturated with
Al-based solutions (Goérka et al., 2025). Considering this it is particularly important
to understand what are Al feedback loops. Which are repeatable mechanisms in
which Al systems generate recommendations, forecasts, or warning signals that the
organisation can take action upon, as well as the effects of those actions, that are fed
back to the system in the form of new data (Pagan et al., 2023). These mechanisms
can support ongoing decision corrections, the identification of ineffective solutions,
and the faster detection of changes in the environment (Pagan et al., 2023; Glickman
and Sharot, 2025).

However, their impact cannot be assumed to be unequivocally positive (Pagan et al.,
2023; Raisch and Krakowski, 2021; Glickman and Sharot, 2025). The primary
objective of this conceptual paper is to delineate and theorise the mechanism of
algorithmic ambivalence within Al-driven feedback loops and to examine its dual,
conditional impact on organisational unlearning processes as an antecedent of
strategic agility.

Underlying theoretical assumptions are:

1. Non-neutrality and duality of Al feedback loops: Artificial intelligence systems
do not act merely as neutral decision-support tools; they constitute dynamic
feedback mechanisms that can simultaneously act as triggers for routine questioning
(corrective orientation) or as self-reinforcing drivers of cognitive and operational
inertia (stabilising/exploitative orientation).

2. Unlearning as a mediating capability: Faster data processing and algorithmic
recommendations do not automatically enhance strategic agility; their translation
into flexible strategic adaptation is conditionally mediated by the organisation's



Matgorzata Smolarek, Joanna Dziendziora, Aleksandra Smolarek, Lukasz Kubicki

571

capacity for organisational unlearning (the deliberate abandonment of outdated
mental models, routines, and decision heuristics).

3. Context-dependency and algorithmic authority: The dominant trajectory of an Al
feedback loop (enabling vs. constraining unlearning) is governed by organisational
boundary conditions, notably data source diversity, reflexivity-oriented decision
culture, and resistance to uncritical reliance on algorithmic authority and perceived
objectivity.

2. Al Feedback Loops as Double-Edged Mechanism

Al feedback loops can be understood as dual mechanisms embedded within
organisational decision-making processes (Pagan et al., 2023). In this context, they
refer to repeatable processes in which algorithmic systems continuously analyse data
generated by organisational actions, learn from past decisions and their outcomes,
and use these insights to inform and adjust subsequent decisions (Ensign et al.,
2018; Adam et al., 2020). Therefore, their impact on the organisation cannot be
considered as predetermined or unidirectional.

Their significance extends beyond the mere improvement of decision-making
processes, as they may both reinforce existing patterns of operation and contribute to
their revision (Page and Kallapur, 2026; Ahola and Luoma, 2026). On the one hand,
Al may act as a reinforcing mechanism. This occurs in situations in which
algorithmic systems are primarily used to optimise preexisting processes and
improve operational efficiency based on already available data (Ritala et al., 2024).
In such conditions, their functioning supports the consolidation of the organisation’s
existing logic of action.

This mechanism is grounded in reinforcing what has already been recognised as
effective, measurable, and worthy of further improvement. As a result, Al does not
so much create space for change, but rather organises and sometimes stabilises what
is already in place. Consequently, although the organisation may become more
efficient, it does not necessarily become more reflective or more willing to question
its own underlying assumptions (Omidvar ef al., 2023).

On the other hand, the same mechanism may take on a corrective character, which
takes place when Al goes beyond reinforcing existing processes and begins to reveal
their weaknesses, inconsistencies, or declining effectiveness. Analytical systems may
indicate, for example, that previous actions no longer deliver the expected outcomes,
that specific metrics begin to deteriorate, or that relation-ships previously considered
valid are no longer supported by current data (Lu ef al., 2020; Griol-Barres et al.,
2019).

In such situations, Al becomes not so much a tool for maintaining order, but rather
an impulse for its revision. It may therefore support the identification of errors,
reveal the limitations of existing solutions, and accelerate the moment at which an
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organisation begins to reconsider its current operating logic (Ritala et al., 2024). In
this particular context, the tension between exploitation and exploration becomes
evident. Especially, when Al serves to optimise what is already known, as well as
tested, and measurable. Then it may reinforce an exploitative orientation, understood
as a focus on refining existing capabilities, and improving efficiency (March, 1991;
Ritala et al., 2024).

At the same time, when Al helps to identify the limits of further optimisation and
signals that previously effective solutions are no longer sufficient, it may support an
exploratory orientation, characterised by openness to change, experimentation, and
the revision of existing patterns of action (Yan et al, 2026). This means that the
same technological mechanism may lead either to stabilisation or to change,
depending on the way in which it is embedded in organisational decision-making
processes (Ahola and Luoma, 2026).

The dual nature of Al feedback loops becomes even more apparent when it is
considered in relation to the phenomena of path dependence and lock-in effects,
which understood as a situation in which an organisation becomes increasingly tied
to a previously adopted course of action, regardless of its current relevance (Koch et
al., 2009). The systems rely heavily on historical data, previous observations, and
any possible patterns extracted from past decisions, as well as their outcomes, which
means that their functioning naturally draws from what has already happened (Trunk
et al., 2020).

Although, this enables the identification of regularities and improves predictive
accuracy, it also creates the risk of reproducing the past, even in situations where it
no longer constitutes an adequate point of reference. In practice, this may lead to the
reinforcement of action logics that are already deeply ingrained within the
organisation (Omidvar et al., 2023). If a system is trained on data which is deeply
reflecting existing priorities, evaluation patterns, or any decision-making methods,
its recommendations are highly likely to remain aligned with the established course
of action.

As a consequence, the organisation may receive signals that do not really challenge
its previous assumptions. But they rather confirm their apparent validity (Chaney et
al., 2018). In this way, a self-reinforcing mechanism may emerge. In this kind of
mechanism, the previous decisions shape the data, data shape the system’s
recommendations, and those recommendations reinforce the tendency to make
similar decisions in the future. Such a process may ultimately lead to a lock-in effect
(Ensign et al., 2018; Adam et al., 2020; Koch et al., 2009).

What seems important, it is the fact that this does not necessarily imply the
continuation of objectively effective practices. The Al feedback loops may also
perpetuate flawed or increasingly inadequate solutions. Especially, as long as they
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remain consistent with the dominant framework through which data are interpreted
(Pagan et al., 2023; Trunk et al., 2020).

In such a situations, the organisation may believe that it is acting rationally and on
the basis of objective premises, while in reality it is reproducing the limitations of its
own previously established logic of action (Romeo and Conti, 2026). From the
perspective of organisational unlearning, this has particularly significant
implications, as the ability to abandon outdated assumptions and routines becomes
progressively weakened (Maccioni and Ghiringhelli, 2022).

3. Algorithmic Ambivalence in Organisational Unlearning

The impact of technology, which is particularly speaking artificial intelligence, on
organisational unlearning processes is not only limited to increasing operational
efficiency or accelerating data analysis. Under some certain conditions, Al may act
as a mechanism that promotes the questioning of established action patterns and
supports organisations in recognising, when the continuation of existing solutions is
no longer justified. Of particular importance, especially discussed in this context, is
the ability of artificial intelligence to detect recurring irregularities, declining
effectiveness of actions, and discrepancies between assumed goals and actual
outcomes (Lahann et al., 2023; Te’eni et al., 2026).

In organisational practice, one of the greatest difficulties is not the existence of
ineffective practices itself, but rather the delayed recognition of their consequences.
Which is direct reason organisations often continue actions that no longer produce
the expected results, as their assessment remains influenced by cognitive inertia,
prior successes, or the belief that difficulties are only temporary (Omidvar et al.,
2023). In such conditions, Al may act as a source of signals that disrupt this apparent
stability. Analytical systems are capable of identifying deviations, deteriorating
indicators, recurring inefficiencies, or changes in environmental behaviour that
would otherwise remain diffuse or ambiguous to justify the revision of current
actions (Nolle et al., 2018).

The significance of Al, therefore, lies not only in providing additional information,
but above all in altering the pace at which organisations receive feedback on the
outcomes of their own decisions. The faster the ineffectiveness of a given practice
becomes visible, the more difficult it is to maintain the belief that the previous
course of action remains rational. In this sense, rapid feedback may weaken the
protective function of organisational routines, which under stable conditions support
efficiency, but in times of change may impede the recognition of the need for
correction. Consequently, Al may accelerate the transition from the confirmation of
existing assumptions to their questioning (Te’eni et al., 2026; Grisold et al., 2020).

This role becomes particularly evident in situations where Al systems support
experimentation. Organisational unlearning rarely follows a linear trajectory. The
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abandonment of established solutions is inherently associated with uncertainty, as
organisations move away from familiar modes of operation and enter contexts in
which outcomes cannot be fully predicted (Brook et al., 2016; Grisold et al., 2020).

In this respect, Al may reduce the cognitive and decision-making costs of
experimentation by enabling faster scenario comparisons, simulating the potential
consequences of alternative decisions, and identifying areas in which maintaining
existing practices becomes increasingly risky. In such conditions, Al does not
replace the process of un-learning, but rather supports the transition from
questioning routines to actively testing new courses of action (Te’eni ef al., 2026).

From this perspective, the mechanism of Al’s impact may be described as a se-
quence in which the system generates insights into the growing ineffectiveness of
specific practices. These insights may weaken confidence in established rou-tines
and open space for organisational unlearning. It should be emphasised, however, that
Al does not operate independently. While it may enhance the recognition of the
limits of existing operational logic, the process of unlearning itself still requires
organisational willingness to acknowledge that previously established patterns
should be challenged (Grisold ef al., 2020; Brook et al., 2016).

At the same time, the very characteristics that may, under certain conditions, support
unlearning can, under different circumstances, lead to the opposite effect. Artificial
intelligence may become not an impulse for questioning routines, but rather a tool
for their further entrenchment. This is particularly likely when systems are
implemented primarily to automate existing patterns of operation, also increase the
repeatability of decisions, as well as optimise processes that are already critical for
the organisation (Raisch and Krakowski, 2021).

In such a setting, technology does not open space for revision, but rather stabilises
previously established order. The more effectively Al optimises current practices, the
stronger the belief that there is no need to question them further. As in a result, the
organisation may experience improvements in for example: efficiency, speed, or
accuracy, but within its existing logic of action, which in turn reinforces the
conviction that the chosen direction remains appropriate. In this way, Al does not
weaken attachment to established patterns, but rather grants them additional
technological legitimacy (Ahola and Luoma, 2026).

A significant role in this process is played by feedback loops. If algorithmic
recommendations influence organisational decisions, and the consequences of those
decisions are subsequently fed back into the system as data confirming prior choices,
a self-reinforcing mechanism may emerge (Mansoury et al., 2020). The organisation
begins to operate within a cycle in which previous decisions shape the data, the data
reinforces a specific type of recommendation, and the recommendations sustain a
similar course of action.
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In such conditions, Al does not support adaptation to new circumstances, but rather
perpetuates the dominant logic of action by continuously reproducing it (Mehrabi et
al., 2021).

From the perspective of organisational unlearning, this creates a particular challenge.
The development of such mechanisms may gradually limit the need for reflection.
When organisations receive rapid, regular, and seemingly precise recommendations,
the tendency to question not only individual decisions but also the broader logic
behind them may weaken (Logg ef al., 2019; Zerilli et al., 2019). As a result, Al may
reduce the space for reflection, which remains a necessary condition for unlearning
to occur (Grisold ef al., 2020).

In this sense, the mechanism of action may take on a reverse form. Instead of leading
from insight to the questioning of routines, Al may lead from stabilisation to the
absence of revision, and consequently to the absence of organisational unlearning.
The organisation does not necessarily resist change explicitly, but rather becomes
increasingly embedded in its existing mode of operation (Kluge and Gronau, 2018).
In such conditions, Al may act as a barrier to unlearning, even when it formally
supports the improvement of decision-making processes.

Whether Al ultimately supports or inhibits organisational unlearning is therefore not
determined by the mere presence of the technology, but by the conditions under
which it is embedded within the organisation. One of the key factors in this respect
is the quality and diversity of the data on which Al systems rely.

The greater the diversity of data sources, as well as the ability to capture changes,
deviations, and emerging patterns, the higher the likelihood that Al will reveal the
limitations of existing practices rather than simply replicate the past. Conversely,
when data remains narrow, homogeneous, or strongly aligned with prior evaluation
criteria, the system is more likely to reinforce the dominant logic of action (Mehrabi
etal, 2021).

Equally important is organisational culture. AI may support unlearning primarily in
contexts where organisations maintain the capacity for critical reflection and do not
treat algorithmic recommendations as unquestionable. A culture that encourages
questioning enables Al-generated signals to be interpreted not only as operational
inputs, but also as potential triggers for revising established patterns. In such an
environment, technology functions as a tool supporting reflection, rather than
replacing it (Zerilli ef al., 2019; Grisold et al., 2020).

An additional issue related to Al feedback loops concerns their capacity to create an
illusion of objectivity,because decisions supported by the systems are often
perceived as more neutral, rational, or even more reliable than those based solely on
human judgement. This perception stems from the belief that recommendations
generated on the basis of large datasets, analytical models, and computational



Algorithmic Ambivalence and Strategic Agility: The Impact of AI Feedback Loops
on Organisational Unlearning Processes
576

procedures are less susceptible to subjectivity or even emotional bias, which is a
common among human-made decisions.

While such a perception may strengthen trust in algorithmic systems, it may
simultaneously reduce, unfrotunately, the level of critical reflection applied to the
outcomes they produce (Pethig and Kroenung, 2023). And especially in this context,
the phenomenon of algorithmic authority becomes particularly significant. If Al-
supported recommendations begin to be treated as more legitimate than alternative
assessments, the organisation may gradually lose its willingness to question them
(Logg et al., 2019). Then as a result, the presence of an algorithmic system begins to
influence not only the content of decisions, but also the broader culture of decision-
making within the organisation.

Instead of stimulating reflection and questioning, or 'so-called' revision of
assumptions, Al may reinforce the belief that the generated recommendation
constitutes the most rational basis for action. Consequences of this process may be
an increase in decision-making rigidity. Although, the organisation becomes more
efficient in processing data and responding to specific signals, it may also become
less inclined to question its own criteria of assessment and interpretation. In such
conditions, reflexivity gradually gives way to procedural certainty, and decision-
making processes become more closed than open (Leonardi and Leavell, 2026).

This, in turn, directly weakens the possibility of organisational unlearning, which
requires not only access to new information, but also a willingness to question what
has previously been regarded as valid and effective (Brook et al., 2016). For this
reason, feedback loops should be regarded as inherently ambivalent mechanisms. On
the one hand, they may support organisations in identifying the need for change,
while correcting ineffective decisions, and responding more rapidly to
environmental shifts.

But on the other hand, they also may reinforce existing patterns, heavily deepen
dependence on the past, and limit space for any reflection, or revision (Te’eni et al.,
2026; Mansoury et al., 2020). It is precisely this ambivalence that makes the role of
Al in organisational unlearning and strategic agility particularly significant, as its
impact depends not only on its technical capabilities, but also on the way in which it
shapes the organisation’s capacity to question, revise, and move beyond its
previously established patterns of action.

The opposite situation emerges when organisations develop uncritical trust in Al
systems. If algorithmic recommendations begin to be perceived as inherently
accurate, neutral, and more reliable than human judgement, the willingness to
question them diminishes (Pethig and Kroenung, 2023). This tendency is further
reinforced under conditions of low transparency, when the basis upon which the
system generates recommendations remains unclear, yet organisational decisions
continue to be subordinated to its outputs (Zerilli ef al., 2019).
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In such circumstances, Al does not support organisational unlearning, but rather
constrains it by limiting the possibility of critically evaluating both the system’s
results and the organisation’s own prior assumptions. Ultimately, Al may support
organisational unlearning when it provides differentiated signals, reveals the
limitations of existing practices, and operates within an organisational context
capable of critical interpretation.

At the same time, it may inhibit unlearning when it becomes a source of apparent
certainty, reproduces established patterns, and reduces the perceived need for
reflection. For this reason, the relationship between Al and organisational unlearning
should not be understood in a unidirectional manner, but rather as a conditional and
context-dependent process shaped by broader organisational, decision-making, and
cultural dynamics (Alon-Barkat and Busuioc, 2023).

4. Unlearning and Strategic Agility in AI-Driven Context: Conclusions and
Discussion

The relationship between organisational unlearning and strategic agility becomes
particularly important in environments characterised by continuous technological
and market change. Strategic agility concerns an organisation’s capacity to recognise
emerging changes, respond to them, and adapt its strategic direction accordingly (de
Diego Ruiz et al., 2024).

However, such adaptability may be difficult to achieve when organisations remain
strongly attached to the same assumptions, some routines, or action patterns, which
were developed under previous conditions. In this respect, organisational unlearning
may create the space necessary for strategic change by reducing the influence of
knowledge and practices that are no longer useful (Atanassova et al., 2025; Christofi
et al., 2024).

From this perspective, organisational unlearning and strategic agility should not be
treated as identical processes. Unlearning concerns the ability to question and move
away from established knowledge structures, while strategic agility refers more
broadly to the organisation’s capacity to translate recognised environmental changes
into strategic responses (Grisold et al., 2020; de Diego Ruiz et al., 2024). Research
on strategic agility emphasises strategic sensitivity, leadership unity, and resource
fluidity as important dimensions of this capability (Christofi et al., 2024).

The abandonment of outdated assumptions and routines may therefore support
agility by reducing organisational rigidity and allowing newly recognised signals to
influence strategic priorities and the allocation of organisational resources
(Atanassova et al., 2025). In an Al-driven context, this relationship may become
increasingly dependent on how algorithmic information is incorporated into
organisational decision-making. As discussed previously, Al feedback loops may
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accelerate the recognition of changing conditions and expose declining effectiveness
of established practices (Malik et al., 2025; Omidvar ef al., 2023).

When such signals encourage organisations to reconsider existing assumptions, they
may support unlearning and, consequently, strengthen the organisation’s ability to
modify its strategic direction. In this sense, Al does not produce strategic agility
independently, but may contribute to the conditions under which unlearning can be
translated into more responsive strategic action (Malik et al., 2025; Christofi et al.,
2024). Existing research similarly indicates that technological capabilities can
contribute to strategic agility, while the combination of Al capabilities and strategic
agility may support organisational creativity and the development of new products
and services (Mueller-Saegebrecht and Walter, 2025; Ameen et al., 2024).

At the same time, faster information processing should not automatically be equated
with greater strategic agility. If Al-generated recommendations reinforce previously
established routines or narrow the range of alternatives considered by decision-
makers, organisations may become faster in executing decisions without becoming
more capable of revising their strategic logic (Malik et al., 2025; Omidvar et al.,
2023). Under such conditions, the reinforcing side of algorithmic ambivalence
described earlier may restrict organisational unlearning and, consequently, weaken
the organisation’s capacity to respond strategically to changes that require more
fundamental revision (Atanassova et al., 2025).

Therefore, the contribution of Al to strategic agility depends not only on the speed or
accuracy of algorithmic decision support, but also on whether organisations remain
capable of questioning and abandoning established patterns when circumstances
require it. Organisational unlearning may consequently be understood as an
important link between the information generated through Al-supported feedback
and the broader capacity for strategic adaptation (Christofi et al., 2024; Malik et al.,
2025).

When feedback encourages reflection and revision, Al may contribute to strategic
agility; when it strengthens existing routines and reduces the perceived need for
questioning, the same mechanisms may instead contribute to strategic rigidity
(Ameen et al., 2024; Omidvar et al., 2023).The literature that was reviewed in this
paper indicates that Al feedback loops may influence unlearning in both ways —
constructive and restrictive. Their impact depends not only on technological
capabilities, but also on how algorithmic recommendations are implemented into
organisational decision-making.

Al may help organisations identify declining effectiveness of established routines
and accelerate feedback. At the same time, reliance on historical data and repeated
algorithmic recommendations may reinforce existing patterns, which directly
contributes to path dependence, and results in reducing organisational reflexivity.
Organisational unlearning, therefore, appears to be an important mechanism through
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which Al-generated feedback may contribute to strategic agility, as well as strategic
rigidity.

From a practical perspective, organisations should not evaluate Al exclusively
through efficiency, speed, or predictive accuracy. Managers should also consider
whether Al systems encourage questioning of established practices and provide
signals that support their revision. Maintaining diverse data sources, as well as
preserving human critical judgement, and of course avoiding uncritical reliance on
algorithmic recommendations may reduce the risk of algorithmic lock-in. Because of
it organisations should use Al not only to optimise existing routines, but also to
identify when those routines should be reconsidered.

The main limitation of this study results from its conceptual and review-based
character. The proposed relationships between Al feedback loops, organisational
unlearning, and strategic agility have not been empirically tested. Moreover, the
reviewed literature draws on different research areas and organisational contexts,
while the rapid development of Al technologies may further change the nature of
these relationships.

Future research should empirically examine the proposed framework and identify
the conditions under which Al feedback loops support or inhibit organisational
unlearning. Longitudinal and comparative studies could investigate how these
mechanisms develop over time and differ across industries, organisational contexts,
and types of Al systems. Further research should also explore the role of algorithmic
transparency, data diversity, organisational culture, and managerial reliance on Al
recommendations in shaping the relationship between Al-supported decision-making
and strategic agility.

Declaration of Generative Al and Al-Assisted Technologies: During the
preparation of this manuscript, the authors used Microsoft 365 Copilot as assistive
tools for language editing, translation support, structural refinement of the
manuscript, citation consistency checking, and verification of reference formatting.
The tools were not used as authors, co-authors, or autonomous decision-makers.
The conceptual framework, research design, methodology, data analysis,
interpretation of results, and conclusions were developed independently by the
authors. All Al-assisted outputs were critically reviewed, fact-checked, revised, and
approved by the authors. The authors take full responsibility for the accuracy,
originality, integrity, and final content of the manuscript.

References:
Adam, G.A., Chang, C.H.K., Haibe-Kains, B., Goldenberg, A. 2020. Hidden Risks of

Machine Learning Applied to Healthcare: Unintended Feedback Loops Between
Models and Future Data Causing Model Degradation. Proceedings of the 5th



Algorithmic Ambivalence and Strategic Agility: The Impact of AI Feedback Loops

on Organisational Unlearning Processes
580

Machine Learning for Healthcare Conference, Proceedings of Machine Learning
Research, 126, 1-20.

Ahola, S., Luoma, J. 2026. On the Difficulty of Using Algorithms to Replace Managers in
Decision Making: A Study of Customer Prioritization. Industrial Marketing
Management, Vol. 134, 198-219. DOI:10.1016/j.indmarman.2026.02.016.

Alon-Barkat, S., Busuioc, M. 2023. Human—AI Interactions in Public Sector Decision
Making: “Automation Bias” and “Selective Adherence” to Algorithmic Advice.
Journal of Public Administration Research and Theory, 33(1), 153-169.
DOI:10.1093/jopart/muac007.

Ameen, N., Tarba, S., Cheah, J.H., Xia, S., Sharma, G.D. 2024. Coupling Artificial
Intelligence Capability and Strategic Agility for Enhanced Product and Service
Creativity. British Journal of Management, Vol. 35, 1916-1934. DOI:10.1111/1467-
8551.12797.

Atanassova, ., Bednar, P.M., Khan, H., Khan, Z. 2025. Managing the VUCA Environment:
The Dynamic Role of Organizational Learning and Strategic Agility in B2B versus
B2C Firms. Industrial Marketing Management, 125, 12-28. DOI:
10.1016/j.indmarman.2024.12.008.

Brook, C., Pedler, M., Abbott, C., Burgoyne, J. 2016. On Stopping Doing Those Things That
Are Not Getting Us to Where We Want to Be: Unlearning, Wicked Problems and
Critical Action Learning. Human Relations, 69(2), 369-389.
DOI:10.1177/0018726715586243.

Chaney, A.J.B., Stewart, B.M., Engelhardt, B.E. 2018. How Algorithmic Confounding in
Recommendation Systems Increases Homogeneity and Decreases Utility.
Proceedings of the 12th ACM Conference on Recommender Systems (RecSys '18),
224-232. DOI:10.1145/3240323.3240370.

Christofi, K., Chourides, P., Papageorgiou, G. 2024. Cultivating Strategic Agility — An
Empirical Investigation into Best Practice. Global Business and Organizational
Excellence, 43(3), 89-105. DOI:10.1002/joe.22241.

de Diego Ruiz, E., Almodévar, P., Birkinshaw, J. 2024. The Effects of a Firm’s
Internationalization, Age, and Environmental Turbulence on the Capabilities that
Comprise Strategic Agility. International Entrepreneurship and Management
Journal, 20, 1935-1961. DOI:10.1007/s11365-024-00971-9.

Ensign, D., Friedler, S.A., Neville, S., Scheidegger, C., Venkatasubramanian, S. 2018.
Runaway Feedback Loops in Predictive Policing. Proceedings of the 1st Conference
on Fairness, Accountability and Transparency, Proceedings of Machine Learning
Research, 81, 1-12. DOI:10.48550/arXiv.1706.09847.

Glickman, M., Sharot, T. 2025. How human—AlI feedback loops alter human perceptual,
emotional and social judgements. Nature Human Behaviour, 9, 345-359.
DOI:10.1038/s41562-024-02077-2.

Gorka, E., Baran, D., Wojak, G., C'wia}ka}a, M., Zupok, S., Starkowski, D., Resko, D.,
Okrasa, O. 2025. The Impact of Artificial Intelligence on Enterprise Decision-
Making Processes. European Research Studies Journal, 28(3), 1126-1147.
DOI:10.35808/ersj/4178.

Griol-Barres, 1., Milla, S., Millet, J. 2019. Improving Strategic Decision Making by the
Detection of Weak Signals in Heterogeneous Documents by Text Mining
Techniques. Al Communications, 32(5-6), 347-360. DOI:10.3233/AIC-190625.

Grisold, T., Klammer, A., Kragulj, F. 2020. Two Forms of Organizational Unlearning:
Insights from Engaged Scholarship Research with Change Consultants. Management
Learning, 51(5), 598-619. DOI:10.1177/1350507620916042.



Matgorzata Smolarek, Joanna Dziendziora, Aleksandra Smolarek, Lukasz Kubicki

581

Klammer, A., Grisold, T., Nguyen, N., Hsu, S.W. 2025. Organizational unlearning as a
process: What we know, what we don’t know, what we should know. Management
Review Quarterly, 75, 2147-2171. DOI:10.1007/s11301-024-00430-3.

Kluge, A. 2023. Recent findings on organizational unlearning and intentional forgetting
research (2019-2022). Frontiers in Psychology, 14.
DOI:10.3389/fpsyg.2023.1160173.

Kluge, A., Gronau, N. 2018. Intentional Forgetting in Organizations: The Importance of
Eliminating Retrieval Cues for Implementing New Routines. Frontiers in
Psychology, 9. DOI:10.3389/fpsyg.2018.00051.

Koch, J., Eisend, M., Petermann, A. 2009. Path Dependence in Decision-Making Processes:
Exploring the Impact of Complexity under Increasing Returns. Business Research,
2:67-87. DOI:10.1007/BF03343529.

Lahann, J., Pfeiffer, P., Fettke, P. 2023. LSTM-Based Anomaly Detection of Process
Instances: Benchmark and Tweaks. In: Montali, M., Senderovich, A., Weidlich, M.
(eds) Process Mining Workshops. ICPM 2022. Lecture Notes in Business
Information Processing, 468. Springer, Cham. DOI:10.1007/978-3-031-27815-017.

Leonardi, P.M., Leavell, V. 2026. Knowing Enough to Be Dangerous: The Problem of
“Atrtificial Certainty” for Expert Authority When Using Al for Decision Making and
Planning. Organization Science. 37(2), 516-543. DOI: 10.1287/orsc.2023.18224.

Logg, J.M., Minson, J.A., Moore, D.A. 2019. Algorithm Appreciation: People Prefer
Algorithmic to Human Judgment. Organizational Behavior and Human Decision
Processes. 151, 90-103. DOI:10.1016/j.0bhdp.2018.12.005.

Lu,J., Liu, A, Song, Y., Zhang, G. 2020. Data-Driven Decision Support under Concept Drift
in Streamed Big Data. Complex & Intelligent Systems, Volume 6, 157-163.
DOI:10.1007/s40747-019-00124-4.

Maccioni, S., Ghiringhelli, C. 2022. Organizational Unlearning Dynamics Emerging During
Digital Transformation: Implications for Organizational Change. In: Acting in the
Digital Society: Moving Towards a Sustainable Future - Proceedings of the XIX
Conference of the Italian Chapter of AIS and XIV Mediterranean Conference on
Information Systems.

Malik, M., Andargoli, A., Tallon, P., Wickramasinghe, N. 2025. An Organizational
Sensemaking Theorizing of How Firms Construct Digitally Enabled Strategic
Agility. Information & Management, 62. DOI:10.1016/j.im.2025.104130.

Mansoury, M., Abdollahpouri, H., Pechenizkiy, M., Mobasher, B., Burke, R. 2020. Feedback
Loop and Bias Amplification in Recommender Systems. Proceedings of the 29th
ACM International Conference on Information & Knowledge Management (CIKM
’20), 2145-2148. DOI:10.1145/3340531.3412152.

March, J.G. 1991. Exploration and Exploitation in Organizational Learning. Organization
Science, Vol. 2, No.1. DOI:10.1287/orsc.2.1.71.

Mehrabi, N., Morstatter, F., Saxena, N., Lerman, K., Galstyan, A. 2021. A Survey on Bias
and Fairness in Machine Learning. ACM Computing Surveys (CSUR), Volume 54,
Issue 6. DOI:10.1145/3457607.

Mueller-Saegebrecht, S., Walter, A.T. 2025. Strategic Agility - An Urgent Capability for
Successful Business Model Innovation? A Conceptual Process Model and
Theoretical Framework. Strategic Change, 34(3), 407-428. DOI:10.1002/jsc.2645.

Nolle, T., Seeliger, A., Miihlhduser, M. 2018. BINet: Multivariate Business Process
Anomaly Detection Using Deep Learning. In: Business Process Management,
Lecture Notes in Computer Science, 271-287. DOI: 10.1007/978-3-319-98648-7 _16.



Algorithmic Ambivalence and Strategic Agility: The Impact of AI Feedback Loops
on Organisational Unlearning Processes
582

Omidvar, O., Safavi, M., Glaser, V.L. 2023. Algorithmic Routines and Dynamic Inertia:
How Organizations Avoid Adapting to Changes in the Environment. Journal of
Management Studies 60:2. DOI:10.1111/joms.12819.

Page, S.E., Kallapur, A. 2026. Replace, Augment, Disrupt: Al & Organizational Decision-
Making. Journal of Organization Design (2026) 15:19-26. DOI:10.1007/s41469-
025-00194-4.

Pagan, N., Baumann, J., Elokda, E., De Pasquale, G., Bolognani, S., Hannak, A. 2023. A
Classification of Feedback Loops and Their Relation to Biases in Automated
Decision-Making Systems. Proceedings of the 2023 ACM Conference on Equity and
Access in Algorithms, Mechanisms, and Optimization (EAAMO °23), 1-14.
DOI:10.1145/3617694.3623227.

Pethig, F., Kroenung, J. 2023. Biased Humans, (Un)Biased Algorithms? Journal of Business
Ethics (2023) 183:637—652. DOI:10.1007/s10551-022-05071-8.

Raisch, S., Krakowski, S. 2021. Artificial Intelligence and Management: The Automation-
Augmentation Paradox. Academy of Management Review 2021, Vol. 46, No. 1,
192-210. DOI:10.5465/amr.2018.0072.

Ritala, P., Aaltonen, P., Ruokonen, M., Nemeh, A. 2024. Developing Industrial Al
Capabilities: An Organisational Learning Perspective. Technovation, 138.
DOI:10.1016/j.technovation.2024.103120.

Romeo, G., Conti, D. 2026. Exploring Automation Bias in Human-AI Collaboration: A
Review and Implications for Explainable Al. Al & Society, Volume 41, 259-278.
DOI:10.1007/s00146-025-02422-7.

Te’eni, D., Raymond, M., Rowe, F., Thénoz, E., Trimborn, P. 2026. Organizational Learning
for Exploring Generative Al: CORE-Sandbox Experiments. International Journal of
Information Management, 87. DOI:10.1016/j.ijinfomgt.2026.103029.

Trunk, A., Birkel, H., Hartmann, E. 2020. On the Current State of Combining Human and
Artificial Intelligence for Strategic Organizational Decision Making. Business
Research, 13, 875-919. DOI:10.1007/s40685-020-00133-x.

Zerilli, J., Knott, A., Maclaurin, J., Gavaghan, C. 2019. Algorithmic Decision-Making and
the Control Problem. Minds and Machines, 29, 555-578. DOI:10.1007/s11023-019-
09513-7.

Vrontis, D., Belas, J., Thrassou, A., Santoro, G., Christofi, M. 2023. Strategic agility,
openness and performance: a mixed method comparative analysis of firms operating
in developed and emerging markets. Review of Managerial Science, 17, 1365-1398.
DOI:10.1007/s11846-022-00562-4.



